IN THE SEVEN CITIES STUDIED HERE, STREET FOOD IS EVERY BIT
AS SAFE AS FOOD FROM A RESTAURANT. THE NOTION THAT FOOD

TRUCRS AND CARTS ARE UNSAFE IS SIMPLY A MYTH.




APPENDIX A: METHODS

To isolate the influence of establishment types () on the inspection scores (Y)
received, these analyses measured differences using OLS regression with fixed-ef-
fects. Inspection scores were regressed on establishment types and dummy variables
representing day of the week (©), month (X) and year (Q). Weekday, month and year
reveal variability of inspections across time.

Seattle and Washington, D.C., include a risk variable (W), which those cities use to
identify the potential risk associated with an establishment dependent on the manner in
which it prepares and serves food. For example, high-risk categories include establish-
ments that handle raw ingredients extensively, like most sit-down restaurants; moder-
ate-risk categories include establishments that have limited preparation, like a deli or
coffee shop; and low-risk categories include establishments such as hot dog stands and
convenience stores that primarily serve prepackaged or limited preparation foods.

An establishment can be inspected once or multiple times in one year with little
consistency across establishments. Additionally, the type of food served at or from an
establishment determines the level of detail required during a health inspection, which
means not all the inspection categories apply to every establishment. The establish-
ment fixed effect (®) isolates and eliminates the individual specific differences.?°

Because sanitation scores are a count of the number of violations during an
inspection and most inspections have few violations, a Poisson regression was also
used. As with the OLS, inspection scores were regressed on establishment types
and the time dummy variables. Standard errors were clustered by establishment to

account for multiple inspections per business.

The following is the OLS model for Boston:
Y=B,+B, (restaurants)+pB, (other)+0+X+Q+®+€

The Poisson model is:
In (Y)=B,+B, (restaurants)+p, (other)+0+X+Q

“Y” represents inspection demerits with zero or no demerits being the best score. The



reference year is 2011 with the analysis covering 2011 through July 2013. B, represents
the coefficient for restaurants, and B, represents the coefficient for grocery stores, cafete-

rias, caterers, etc. The models were run separately for food trucks and carts.

The OLS model for Las Vegas is:
Y=B,+B, (restaurants)+p, (other)+0+X+Q+®+€

The Poisson model is:

In (Y)=B,+B, (restaurants)+B, (other)+0+X+Q

“Y"” represents inspection demerits with zero or no demerits being the best score
and up to 100 demerits being the worst score. The reference year is 2009 with the
analysis covering 2009 through July 2012. B, represents the coefficient for restau-
rants, and B, represents the coefficient for grocery stores, processors, cafeterias, etc.
The models were run separately for food trucks and carts.

The OLS model for Los Angeles is:
Y=B,+B, (restaurants)+0+X+Q+®+€

The Poisson model is:
In (Y)=B,+B, (restaurants)+0+X+Q

“Y” represents inspection demerits where zero is the best possible score.?! The
analysis is from 2009 (the reference year) through July 2012. B, represents the coef-

ficient for restaurants. The models were run separately for food trucks and carts.

The following is the OLS model for Louisville:

Y=B,+B, (restaurants)+p, (other)+0+X+Q+®+€

The Poisson model is:

In (Y)=B,+B, (restaurants)+p, (other)+0+X+Q

“Y” represents inspection demerits.?> The reference year is 2010 with the analysis

covering 2010 through July 2013. B, represents the coefficient for restaurants, and B,



represents the coefficient for grocery stores, cafeterias, caterers, etc.
The OLS model for Miami is:
Y=B,+B, (restaurants)+0+X+Q+®+€

The Poisson model is:
In (Y)=B,+B, (restaurants)+0+X+Q

“Y” is the number of violations coded consistent with the other cities above, and
B, represents the coefficient for restaurants. The analysis is from 2008 (the reference
year) through July 2012.

The OLS model for Seattle is:
Y=B,+B, (restaurants)+p, (hotels)+0+X+Q+W+®d+€E

The Poisson model is:
In (Y)=B,+B, (restaurants)+p, (hotels)+0+X+Q+W



“Y” is the number of inspection demerits with zero being the best possible score.
The reference year is 2009 with the analysis covering 2009 through July 2012. B,
represents the coefficient for restaurants, and B, represents the coefficient for hotels.
Seattle also has a risk rank fixed effect (W). Seattle ranks establishments that sell
pre-packaged food with limited preparation as the lowest, one, and establishments

with complex food preparation and storage as the highest, three.

The OLS model for Washington, D.C. is:
Y=B,+B, (restaurants)+p, (other)+0+X+Q+W+®d+€

The Poisson model is:
In (Y)=B,+B, (restaurants)+p, (other)+0+X+Q+W

“Y” is the number of violations. The analysis was run for 2011 and 2012. B,
represents the coefficient for restaurants, caterers, cafeterias and hotels, and B, rep-
resents the coefficient for grocery stores, corner stores and wholesalers. Like Seattle,
Washington, D.C. has a risk rank fixed effect (W) based on the District’s ranking of

establishments, where one is the least risky and five is the riskiest.



APPENDIX B: REGRESSION OUTPUT

Table 15.
Boston Food Trucks

Poisson

Restaurants 1.872 0.253 0.00 0.527 0.107 0.00
Other -0.187 0.251 0.46 -0.020 0.109 0.86

Tuesday -1.399 0.909 0.12 -0.261 0.287 0.36
Wednesday -1.514 0.906 0.10 -0.284 0.287 0.32
Thursday -1.523 0.907 0.09 -0.298 0.287 0.30
Friday -1.413 0.908 0.12 -0.240 0.287 0.40
Saturday -1.447 0.907 0.11 -0.253 0.287 0.38
Sunday -2.507 0.944 0.01 -0.867 0.324 0.01

February -0.046 0.117 0.69 -0.094 0.040 0.02
March 0.329 0.126 0.01 0.095 0.039 0.02
April 0.088 0.135 0.51 0.058 0.041 0.16
May 0.284 0.126 0.02 0.138 0.037 0.00
June -0.077 0.133 0.57 0.006 0.040 0.89
July -0.517 0.130 0.00 -0.111 0.042 0.01
August -0.140 0.132 0.29 -0.021 0.042 0.62

September -0.402 0.123 0.00 -0.151 0.043 0.00

October -0.153 0.128 0.23 -0.027 0.041 0.51

November -0.341 0.141 0.02 -0.027 0.044 0.54

December -0.273 0.152 0.07 0.009 0.048 0.85
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2012 0.461 0.095 0.00 0.148 0.028 0.00

2013 0.335 0.116 0.00 0.129 0.034 0.00
Intercept 3.529 0.978 0.00 1.178 0.315 0.00
sigma_u 2.471
sigma_e 3.012

rho 0.402




Table 16.
Boston Carts

Poisson

Restaurants 3.391 0.092 0.00 1.580 0.079 0.00
Other 1.334 0.087 0.00 1.033 0.082 0.00

Tuesday 0.231 0.149 0.12 0.438 0.171 0.01
Wednesday 0.123 0.147 0.40 0.415 0.171 0.02
Thursday 0.118 0.147 0.42 0.404 0.171 0.02
Friday 0.226 0.147 0.13 0.462 0.171 0.01
Saturday 0.181 0.148 0.22 0.447 0.171 0.01
Sunday -0.353 0.222 0.11 -0.099 0.235 0.67

February -0.032 0.115 0.78 -0.090 0.040 0.03
March 0.358 0.126 0.00 0.101 0.039 0.01
April 0.102 0.131 0.44 0.058 0.041 0.16
May 0.269 0.122 0.03 0.135 0.037 0.00
June -0.058 0.129 0.65 0.012 0.040 0.76
July -0.492 0.126 0.00 -0.111 0.042 0.01
August -0.145 0.127 0.25 -0.031 0.042 0.47

September -0.393 0.122 0.00 -0.150 0.043 0.00

October -0.160 0.127 0.21 -0.027 0.041 0.50

November -0.330 0.138 0.02 -0.033 0.044 0.45

December -0.231 0.150 0.12 0.017 0.048 0.73

2012 0.450 0.092 0.00 0.145 0.028 0.00
2013 0.318 0.113 0.01

Intercept 0.387 0.182 0.03

sigma_u 2.324

sigma_e 2.970
rho 0.380




Restaurants

Other

3.575
1.085

Table 17.

0.287
0.286

Las Vegas Food Trucks

0.00
0.00

Poisson

0.732 0.096 0.00
0.267 0.096 0.01

Tuesday

Wednesday
Thursday
Friday
Saturday
Sunday

0.375
0.191
0.123
0.048
-0.371
-0.239

0.291
0.291
0.290
0.290
0.289
0.310

0.20
0.51
0.67
0.87
0.20
0.44

0.113 0.055 0.04
0.078 0.055 0.15
0.064 0.055 0.24
0.051 0.055 0.35
-0.026 0.055 0.63
-0.051 0.060 0.39

February
March
April
May
June
July
August
September
October
November

December

-0.064
-0.161
-0.105
0.030
-0.055
0.166
0.322
0.028
-0.176
0.100
-0.124

0.079
0.079
0.085
0.088
0.082
0.087
0.095
0.086
0.087
0.102
0.104

0.42
0.04
0.22
0.74
0.50
0.06
0.00
0.74
0.04
0.33
0.23

-0.006 0.015 0.68
-0.022 0.015 0.15
-0.015 0.016 0.37
0.015 0.016 0.36
0.003 0.016 0.83
0.040 0.016 0.01
0.076 0.018 0.00
0.013 0.017 0.44
-0.020 0.017 0.25
0.035 0.019 0.07
-0.007 0.020 0.72

2010

2011

2012
Intercept
sigma_u
sigma_e

rho
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0.107
0.544
1.306
2.758
1.578
5.558
0.075

0.039
0.045
0.060
0.409

0.01
0.00
0.00
0.00

0.021 0.008 0.01
0.100 0.009 0.00
0.231 0.011 0.00
1.073 0.111 0.00



Restaurants

Other

Tuesday

Wednesday
Thursday
Friday
Saturday
Sunday

February
March
April
May
June
July
August
September
October
November

December

2010

2011

2012
Intercept
sigma_u
sigma_e

rho

4.711
2.221

0.359
0.181
0.118
0.038
-0.362
-0.204

-0.061
-0.160
-0.106
0.038
-0.049
0.176
0.340
0.059
-0.170
0.130
-0.107

0.107
0.549
1.300
1.618
1.569
5.524
0.075

Table 18.

0.112
0.110

0.276
0.275
0.275
0.275
0.274
0.295

0.078
0.078
0.084
0.087
0.081
0.086
0.094
0.085
0.087
0.100
0.103

0.038
0.044
0.059
0.294

Las Vegas Carts

0.00
0.00

0.19
0.51
0.67
0.89
0.19
0.49

0.43
0.04
0.20
0.67
0.54
0.04
0.00
0.49
0.05
0.19
0.30

0.01
0.00
0.00
0.00

Poisson

1.214 0.054 0.00
0.748 0.055 0.00

0.110 0.054 0.04
0.076 0.054 0.16
0.063 0.054 0.24
0.049 0.054 0.36
-0.026 0.054 0.62
-0.044 0.059 0.46

-0.005 0.015 0.71
-0.022 0.015 0.14
-0.015 0.016 0.34
0.016 0.016 0.32
0.004 0.015 0.82
0.042 0.016 0.01
0.080 0.018 0.00
0.019 0.017 0.25
-0.019 0.017 0.26
0.041 0.019 0.03
-0.003 0.020 0.88

0.021 0.008 0.01
0.103 0.009 0.00
0.233 0.011 0.00
0.591 0.076 0.00
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Table 19.
Los Angeles Food Trucks

Poisson

Restaurants

Tuesday -0.313 0.424 0.46 0.145 0.074 0.05
Wednesday -0.233 0.421 0.58 0.145 0.074 0.05
Thursday -0.187 0.420 0.66 0.144 0.074 0.05
Friday -0.242 0.421 0.57 0.133 0.074 0.07
Saturday -0.206 0.426 0.63 0.122 0.074 0.10
Sunday 1.110 0.516 0.03 0.248 0.089 0.01
L
February 0.124 0.115 0.28 0.012 0.017 0.45
March 0.101 0.097 0.30 0.018 0.015 0.23
April 0.041 0.102 0.69 0.006 0.015 0.71
May -0.021 0.097 0.83 -0.006 0.014 0.70
June 0.081 0.110 0.46 0.018 0.016 0.26
July 0.251 0.128 0.05 0.030 0.018 0.10
August 0.326 0.123 0.01 0.033 0.018 0.06
September 0.533 0.121 0.00 0.069 0.017 0.00
October 0.282 0.135 0.04 0.025 0.019 0.19
November 0.104 0.132 0.43 0.011 0.019 0.55
December -0.141 0.120 0.24 -0.004 0.018 0.81
Coover
2010 -0.402 0.067 0.00 -0.056 0.009 0.00
2011 -0.701 0.070 0.00 -0.094 0.010 0.00
2012 -0.829 0.090 0.00 -0.102 0.013 0.00
Intercept 3.721 0.450 0.00 1.178 0.091 0.00
sigma_u 2.430
sigma_e 4.633
rho 0.216
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Table 20.
Los Angeles Carts

Poisson

Restaurants

Tuesday 0.254 0.393 0.52 0.264 0.074 0.00
Wednesday 0.440 0.391 0.26 0.275 0.073 0.00
Thursday 0.436 0.391 0.26 0.268 0.073 0.00
Friday 0.443 0.390 0.26 0.265 0.073 0.00
Saturday 0.402 0.394 0.31 0.245 0.074 0.00
Sunday 0.843 0.492 0.09 0.265 0.091 0.00
L
February 0.130 0.116 0.26 0.013 0.016 0.43
March 0.131 0.097 0.18 0.020 0.015 0.16
April 0.040 0.101 0.69 0.005 0.015 0.74
May 0.024 0.097 0.80 0.000 0.014 0.98
June 0.232 0.111 0.04 0.037 0.016 0.02
July 0.321 0.132 0.02 0.036 0.018 0.05
August 0.342 0.126 0.01 0.032 0.018 0.07
September 0.452 0.119 0.00 0.058 0.017 0.00
October 0.289 0.138 0.04 0.025 0.019 0.20
November 0.034 0.123 0.79 0.003 0.017 0.85
December -0.155 0.121 0.20 -0.004 0.018 0.84
Coover
2010 -0.468 0.069 0.00 -0.064 0.009 0.00
2011 -0.849 0.070 0.00 -0.113 0.010 0.00
2012 -0.958 0.091 0.00 -0.118 0.012 0.00
Intercept 1.996 0.458 0.00 0.635 0.127 0.00
sigma_u 2.454
sigma_e 4.520
rho 0.228
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Table 21.
Louisville Mobile Vendors (Trucks and Carts)

(0] B Poisson

Restaurants 2.441 0.164 0.00 0.826 0.076 0.00
Other 1.354 0.166 0.00 0.596 0.077 0.00

Tuesday 0.200 0.243 0.41 0.030 0.112 0.79
Wednesday 0.177 0.247 0.47 0.024 0.113 0.83
Thursday 0.102 0.246 0.68 0.016 0.112 0.89
Friday 0.095 0.256 0.71 -0.017 0.114 0.88
Saturday -0.019 0.273 0.94 -0.051 0.117 0.67
Sunday -0.044 0.215 0.84 -0.101 0.116 0.39

February 0.000 0.101 1.00 0.023 0.032 0.46
March -0.158 0.095 0.10 -0.058 0.032 0.07
April 0.151 0.141 0.28 0.069 0.035 0.05

May 0.208 0.188 0.27 0.067 0.043 0.12
June 0.060 0.113 0.60 0.027 0.030 0.37
July 0.009 0.097 0.93 0.009 0.029 0.75
August -0.356 0.222 0.11 -0.090 0.079 0.26
September 0.201 0.117 0.09 0.107 0.033 0.00

October 0.070 0.112 0.53 -0.009 0.034 0.80

November -0.099 0.103 0.34 -0.040 0.032 0.21

December -0.060 0.106 0.58 0.005 0.033 0.88

2010 0.719 0.073 0.00 0.201 0.026 0.00
2011 0.606 0.113 0.00 0.160 0.037 0.00
2012 0.282 0.068 0.00 0.062 0.025 0.01
Intercept 1.352 0.346 0.00 0.523 0.137 0.00
sigma_u 1.913
sigma_e 3.729
rho 0.208
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Table 22.
Miami Mobile Vendors (Trucks and Carts)

Poisson

Restaurants

Tuesday 2.922 0.378 0.00 0.868 0.105 0.00
Wednesday 2.524 0.371 0.00 0.826 0.105 0.00
Thursday 2.606 0.372 0.00 0.841 0.105 0.00
Friday 2.529 0.377 0.00 0.826 0.105 0.00
Saturday 2.205 0.374 0.00 0.775 0.105 0.00
Sunday 0.732 0.515 0.16 0.354 0.136 0.01
Comema
February 0.308 0.211 0.15 0.060 0.029 0.04
March 0.228 0.218 0.29 0.052 0.029 0.07
April -0.482 0.212 0.02 -0.042 0.031 0.18
May -1.080 0.213 0.00 -0.106 0.031 0.00
June -1.730 0.201 0.00 -0.255 0.031 0.00
July -0.215 0.231 0.35 -0.011 0.030 0.72
August -0.391 0.241 0.11 -0.023 0.032 0.47
September -0.565 0.239 0.02 -0.054 0.032 0.09
October -0.522 0.242 0.03 -0.053 0.032 0.10
November -0.598 0.272 0.03 -0.049 0.036 0.17
December -0.852 0.257 0.00 -0.107 0.035 0.00
Coover
2009 -1.368 0.151 0.00 -0.154 0.017 0.00
2010 -1.487 0.225 0.00 -0.175 0.027 0.00
2011 -3.323 0.150 0.00 -0.435 0.019 0.00
2012 -3.495 0.213 0.00 -0.466 0.027 0.00
Intercept 3.533 0.438 0.00 0.761 0.112 0.00
sigma_u 2.877
sigma_e 6.570
rho 0.161
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Table 23.
Seattle Mobile Vendors (Trucks and Carts)

Poisson

Restaurants -1.505 1.368 0.27 -0.094 0.111 0.40
Hotels -6.893 1.589 0.00 -0.915 0.191 0.00

Tuesday 0.103 2.951 0.97 0.292 0.256 0.25
Wednesday -0.849 2.963 0.77 0.264 0.256 0.30
Thursday -0.251 2.980 0.93 0.270 0.257 0.29
Friday 0.741 2.964 0.80 0.387 0.257 0.13
Saturday -0.596 3.003 0.84 0.279 0.257 0.28
Sunday -0.315 3.358 0.93 0.120 0.283 0.67

February -1.626 0.934 0.08 -0.085 0.070 0.22
March 0.898 0.932 0.34 0.102 0.078 0.19
April -2.009 0.894 0.03 -0.113 0.067 0.09

May -3.274 0.893 0.00 -0.286 0.072 0.00
June -2.652 1.026 0.01 -0.158 0.073 0.03
July -0.298 1.232 0.81 0.011 0.099 0.92
August -1.090 1.257 0.39 -0.028 0.090 0.76
September -5.733 1.042 0.00 -0.400 0.083 0.00
October -6.436 1.009 0.00 -0.522 0.093 0.00
November -5.098 0.976 0.00 -0.428 0.083 0.00
December -5.743 0.982 0.00 -0.409 0.084 0.00

2010 -0.135 0.621 0.83 0.007 0.056 0.90
2011 -0.801 0.585 0.17 -0.006 0.054 0.91
2012 -0.318 0.745 0.67 0.061 0.060 0.31

2 -3.243 0.822 0.00 -0.567 0.140 0.00
2/3 -8.459 1.727 0.00 -1.243 0.347 0.00
3 5.419 0.760 0.00 0.506 0.104 0.00
Intercept 12.828 3.140 0.00 2.313 0.267 0.00
sigma_u 8.730
sigma_e 15.340
rho 0.245
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Table 24.
Washington, D.C., Mobile Vendors (Trucks and Carts)

Poisson

Restaurants 1.630 0.151 0.00 0.661 0.088 0.00
Other 1.550 0.169 0.00 0.636 0.092 0.00
oWy |
Tuesday 0.732 0.918 0.43 0.224 0.305 0.46
Wednesday 0.837 0.913 0.36 0.325 0.148 0.03
Thursday 0.641 0.912 0.48 0.370 0.148 0.01
Friday 0.945 0.917 0.30 0.329 0.148 0.03
Saturday 0.739 0.919 0.42 0.399 0.148 0.01
Sunday 0.859 1,575 0.59 0.327 0.148 0.03
CoMemn
February 0.113 0.258 0.66 0.248 0.182 0.17
March -0.024 0.248 0.92 -0.006 0.059 0.93
April 0.021 0.255 0.94 0.025 0.034 0.45
May 0.061 0.233 0.79 -0.013 0.032 0.67
June -0.142 0.241 0.56 -0.017 0.033 0.60
July 0.337 0.263 0.20 -0.006 0.032 0.85
August 0.396 0.246 0.11 -0.021 0.034 0.53
September -0.287 0.243 0.24 0.069 0.033 0.04
October -0.349 0.230 0.13 0.065 0.031 0.04
November -0.418 0.230 0.07 -0.089 0.033 0.01
December -0.524 0.252 0.04 -0.104 0.032 0.00

2 0.489 0.192 0.01 -0.174 0.035 0.00
3 1.344 0.193 0.00 0.374 0.063 0.00
4 2.051 0.273 0.00 -0.164 0.012 0.00
5 -0.162 0.472 0.73 -0.046 0.168 0.78
Intercept 1.110 0.934 0.23 0.168 0.055 0.00
sigma_u 0.000
sigma_e 4.719
rho 0.000
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models using the number of critical and
non-critical violations separately can be

supplied upon request.

18 http://fatlip.leoweekly.
com/2013/07/26/inspection-scores-
suggest-louisville-food-trucks-arent-as-
scary-as-wave3-thinks/.

19 For more information on good food-
truck laws see: Frommer, R. & Gall, B.
(November 2012) “Food-truck freedom:
How to build better food-truck laws in
your city.” Institute for Justice: Arling-
ton, VA; http://ij.org/vending.

20 The OLS models were also run with-
out the establishment fixed effects

and the Poisson models were run with
establishment fixed effects. The results
of these models were not appreciably
different from the ones used in this
report. These results can be provided

upon request.

21 These values were transformed from
the original grade that removes demer-
its from 100.

22 These values were transformed from
the original grade that removes demerits
from 100.
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